Course homepage

https://people.iith.ac.in/shashankvatedkafhtml/courses/2024/EE5606/course_details.html

Timetable slot-S

Prerequisites:
- math and programming
- strong background in linear algebra/matrix theory
- programming in pythown - some tutorials on course webpage




Introduction



Nearly every engineering problem is an optimization problewm
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1. Chip desigu

2. Wireless communication
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4. Object detection in i
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5. Portfolio optimization 0o $ (0 stodu
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6. Industrial control




Formal definition of a minimization problem
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Is this defi
efinition general
enough?
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Convex functions over the reals
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Capacity of a multiple-antenna (MIMO) wireless channel
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Recap
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Nuwmerically solving 1-d convex optimization problems
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Bisection method
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Recap: Algorithwms for 1-d convex optimization

1. Golden section search: wueeds ounly £(x)

2, Bisection method: wueeds £'(x)




Newtou's method
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Some basics of topology
and real analysis




Upper and lower bounds; sup and max; inf aund miu
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Countable and uncountable sets
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Functions: domain, co-dowmain, range, image, inverse image
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Norwm and inuer product
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